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ABSTRACT

Artificial intelligence (Al) has been
incorporated into business administration
to support managerial decision-making;
however, recent literature agrees
that its strategic value lies not in full
automation, but in augmenting human
judgment, which introduces governance
and responsibility challenges. The
objective of this study is to systematically
analyze how recent literature addresses
the use of Al in managerial decision-
making, integrating the constructs of
decision augmentation, organizational
Al governance, and managerial risk and
responsibility. Methodologically, it is a
systematic literature review applied to
articles indexed in Scopus and Web of
Science. Theresultsshowapredominance
of decision-augmentation and procedural

RESUMEN

La inteligencia artificial (IA) se ha
incorporado a la administracién de
empresas como soporte a la toma de
decisiones gerenciales; no obstante, la
literaturareciente coincideenquesuvalor
estratégiconoresideenlaautomatizacién
plena,sinoenelaumentodeljuiciohumano,
lo que introduce desafios de gobernanza
y responsabilidad. El objetivo de este
estudio es analizar sistematicamente
como la literatura reciente aborda el
uso de la IA en la toma de decisiones
gerenciales, integrando los constructos
de toma de decisiones gerenciales
aumentada, gobernanza organizacional
de la IA y riesgo y responsabilidad
gerencial. Metodolégicamente, se trata
de unaRevision Sistematicade Literatura
aplicadaaarticulosindexados en Scopusy
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governance approaches,aswellasconcerns
about responsibility and human-Al decision
reliance. As acontribution, the study offers
an integrated managerial perspective to
guideresponsible organizational practices
regardingAl.

KEYWORDS: artificial intelligence,
managerial decision-making, organizational
Al governance, managerial responsibility.

1.Introduction

The incorporation of artificial intelligence
into organizations has become one of the
most relevant phenomena in business
administration over the past decade,
particularly due to its impact on the way
managerial decisions are generated,
evaluated, and executed (Ben-Michael
et al., 2024). As algorithmic systems are
integrated into strategic and operational
processes, the literature has documented
not only significant opportunities for
improvement in efficiency and decision-
making quality and new tensions related
to organizational responsibility, control,
and governance (Afrooghetal.,2024). This
shift has moved thedebate beyond a purely
technological discussiontowardabroader
organizationaland managerial perspective..

In this context, recent research agrees
that the value of artificial intelligence
for companies does not lie in the full

Web of Science. Los resultados evidencian
un predominio de enfoques de aumento
decisional y gobernanza procedimental,
asi como preocupaciones por larendicion
de cuentasy la dependencia humano-IA.
Comoaporte,elestudioofreceunalectura
gerencialintegradaparaorientar practicas
organizacionalesresponsablesde |A.

PALABRAS CLAVE: inteligencia artificial,
toma de decisiones gerenciales, gobernanza
organizacional de 1A, responsabilidad
gerencial.

automation of decisions, but in its ability
to enhance human judgment through
advanced analytics, simulations, and
informational support (Ameenetal.,2021).
Thisapproachtodecisionaugmentationhas
been identified as the dominant paradigm
in the literature, recognizing the bounded
rationality of decision-makers and the
needto preserve humanagency incomplex
environments (Buijsman et al., 2025).
However, the adoption of this paradigm
raises fundamental questions regarding
how |A use is governed, monitored and
legitimized within organizations.

In parallel, the literature has begun to
highlight that the effectiveimplementation
of Al in business administration depends
to a large extent on the existence of
organizational governance frameworks
capableoftranslatingethical and strategic
principles into concrete operational
practices (OECD, 2025). Recent studies
indicate that, without clear governance
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mechanisms, Al can generate significant
risks related to algorithmic opacity, loss
of traceability, and dilution of managerial
responsibility (Diaz-Rodriguezetal.,2023).
These concerns have placed governance
and risk management at the center of
academic and practical debate.

Despite these advances, the field presents
considerable fragmentation in terms of
approaches, levels of analysis, and types
of empirical evidence, which hinders an
integrated understanding of Al's role in
managerial decision-making (Duan et
al., 2023). Many studies approach the
phenomenon from isolated perspectives
(technological, ethical, or strategic)
without systematically articulating the
relationship between decisional purpose,
organizational governance and managerial
risk (Silva, 2022). This dispersion limits
the literature’s ability to provide clear
guidance to managers and organizational
policymakers.

Againstthisbackdrop, the aim of this study
is to systematically analyze how recent
literature conceptualizesand addressesthe
use of artificial intelligence in managerial
decision-making, integrating three key
constructs: augmented managerial
decision-making, organizational Al
governance, and managerial risk and
responsibility. Unlike previous reviews
focused on technical or ethical aspectsin
isolation, this paper proposes anintegrated
managerial reading (Chang et al., 2023)
based onasystematic mappingofliterature
thatclassifiestheexistingevidence basedon
five research questions explicitly oriented
to business administration. This approach
allows not only to synthesize the state of

the art, but also to identify patterns, gaps,
andtensionsthat guide futureresearchand
organizational practices. These elements
aredevelopedinthefollowingsections.

2.Theoretical framework

2.1 Augmented Managerial Decision-
Making through Artificial Intelligence
The integration of artificial intelligence
into managerial decision-making has
been predominantly conceptualized as
a process of cognitive augmentation of
the human decision-maker, rather than
as a complete replacement of his or her
judgment (Abhishek et al., 2025). From
this perspective, Al acts as an amplifier of
analytical capabilities, allowing managers
toprocess massive volumes of information,
identify complex patterns, and reduce the
uncertainty inherent in contemporary
organizational environments (Al-Kfairy
et al., 2024). This approach aligns with
the vision of decision-making as a socio-
technical activity in which technology
complements, but does not replace, the
bounded rationality of the manager.

Recent literature highlightsthat Al systems
generate managerial value when they are
integrated into existing decision-making
processes, respecting the organization's
responsibility structures and strategic
frameworks (Batool et al.,2024). Empirical
studies show that the use of Al for decision
augmentation improves the quality of
decisions, increases the consistency of
judgments, and facilitates the exploration
of alternative strategic scenarios,
particularly in contexts of high complexity
and dynamism (Jiang et al., 2024). These
findingsreinforcetheideathat Al'simpact

Universita Ciencia afno 14, numero 40

may-ago 2026

ISSN: 2007-3917 70



@\sg\vunnmo 2

A

wsTiTurg,
Ve,
N
. AN
SaNoIYOW®

2

UNIVERSIDAD DE XALAPA

Saber / Trascender

N

2, -&"’
©sidag ge ¥

is greatest when it is oriented towards
informational and analytical supportrather
than full automation.

However, this construct also implies
recognizing that decision augmentation
introduces new challenges, such as the
adequate calibration of trust and human-
Al decision reliance, aspects that emerge
across the study’s RQs. In this sense, the
augmentation approach establishes the
conceptual framework from which both
governance mechanisms and associated
managerial risks are analyzed (Bacon,
2024), thereby connecting directly to the
subsequent constructs.

2.2 Organizational Governance of Al in
Managerial Contexts

The organizational governance of
artificial intelligence has established
itself as a central element to ensure that
its use in managerial decision-making is
consistent, responsible, and aligned with
the organization’s strategic objectives
(Grimmelikhuijsen & Meijer, 2022).
This construct is based on the premise
that Al cannot be managed solely as a
technological tool but requires governance
frameworks that integrate clearly defined
policies, processes, and roles within the
organizational structure (Cheng & Wu,
2024).

Recent evidence shows a shift from
approaches based solely on abstract
ethical principlesto procedural governance
models, in which Al is regulated by
operational protocols, internal standards,
and control mechanisms embedded in
existingmanagement systems (Del Pozo et
al., 2023). This type of governance makes

it possible to translate organizational
valuesinto concrete practices, facilitating
the supervision of the use of Al and the
mitigation of risks associated with its
adoption (Ahmed Ali Linkon et al., 2024).
Likewise, the literature underlines that the
effectiveness of theseframeworksdepends
ontheirabilitytoadapttochanging contexts
andvaryinglevels of digital maturity.

From a managerial perspective, Al
governance not only serves a normative
function but also an enabling one,
by building organizational trust and
legitimizing the use of algorithmic
systems in critical decisions (Casey et al.,
2019). This construct connects directly
with RQs related to risk management
and responsibility and establishes the
conceptual bridge necessary to analyze
how human-Al interaction is managed in
practice,the central theme of the following
construct (Ananny & Crawford, 2018).

2.3Managerial Risk and Responsibility in
Human-Al Decision Systems

The use of artificial intelligence in
managerial decision-making introduces
a specific set of organizational risks that
transcend the technical aspects and are
at the core of managerial responsibility
(Bommasanietal., 2021). This constructis
based on the idea that the adoption of Al
redefinesthe boundariesof responsibility,
authority,and controlwithin organizations,
generating tensions between efficiency,
transparency, and accountability (Black et
al.,2022).

The literature emphasizes that one of the
main managerial risks associated with Al
is algorithmic opacity, which hinders the

Universita Ciencia afno 14, numero 40

may-ago 2026

ISSN: 2007-3917 71



2

Saber / Trascender

UNIVERSIDAD DE XALAPA

auditability of decisions and complicates
the attributionof responsibilitiesin case of
errorsoradverseresults(Dingetal.,2022).
Recent studies warn that, without clear
oversight and documentation mechanismes,
Al systems can erode managers' ability
to justify their decisions to internal and
external stakeholders (Abunaser et al.,
2025).Thisriskisintensified when Al isused
in strategic or high-impact organizational
decisions-making.

In addition, the risk of overconfidence
and over-reliance on algorithmic systems
emergesasarecurringconcern,especiallyin
contextswhere Al is perceived as objective
or infallible (Baothman, 2021). Research
suggests that effectively managing these
risks requires explicit human-in-the-loop
approachesandtrust calibrationstrategies,
which preserve human agency and
reinforce managerial responsibility (Li et
al.,2025). Together, this construct provides
the analytical framework to interpret the
empiricalresults of the study and toinform
thediscussiononthe practicalimplications
of Alinbusiness administration.

3.Method

This study adopts a Systematic Literature
Review (SLR) to identify, organize, and
synthesize the scholarly evidence on
artificial intelligence in managerial
decision-making. The methodological
design was structured to ensure
transparency, replicability, and analytical
rigor,followingthe PRISMA 2020reporting
framework and recent methodological
guidancefor systematicliteraturereviews
inmanagementresearch (Pageetal.,2021).
This approach is particularly appropriate

given the interdisciplinary nature of the
topic, which spans strategic management,
organizational governance, and socio-
technical decision systems.

The primary purpose of the SLR is to
identify,analyze,and integrate howrecent
literature conceptualizes and empirically
addresses the use of artificial intelligence
in managerial decision-making contexts,
with a specific focus on three interrelated
constructs: decision augmentation,
organizational Al governance, and
managerial risk and responsibility (Sauer &
Seuring,2023).Rather than concentrating
on technical performance or isolated
ethical considerations, the review adopts
a managerial and organizational lens,
enablingasystematic mappingof how Al is
embeddedindecision processes,governed
within organizations, and associated with
new forms of risk and responsibility. This
framing ensures alignment between the
methodological design and the theoretical
objectives of the study.

The review process comprised five
sequential phases (Paul et al., 2021): (1)
formulation of research questions, (2)
search strategy design and database
selection, (3) definition of inclusion and
exclusion criteria, (4) screening and study
selection, and (5) data extraction and
synthesis. These phases were designed
to progressively refine the corpus while
preserving conceptual breadth and
methodological consistency,inaccordance
with recent guidance for transparent
and replicable literature reviews. Fig. 1
summarizes the phases followed in the
review process.
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Fig. 1 Phases of the Systematic Literature Review
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Phase 1:
Research
Questions

. J

'd N

Phase 2: Search
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Phase 3: Inclusion
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criteria
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Asaninitial step,research questions (RQs)
were formulated to provide analytical
direction and ensure coherence between
the review protocol and the study’s
objectives. These questions were explicitly
designed to capture how the literature
addresses (i) the primary managerial
purposes of Al use, (ii) the types of
organizational Al governance mechanisms
employed, (iii) the management of human-
Al decision reliance, (iv) the evidence of
organizational value generated, and (v)
the managerial risk domains highlighted.
The formulation of these RQs reflects a
deliberate effort to bridge fragmented
streams of research and to structure the
subsequent analysisinawaythatsupports
an integrated managerial interpretation
of the findings, which is presented in the
following subsection corresponding to
Phase 1 of theSLR.

Phase 5: Data
Synthesis

\. J

'd ™
Phase 4: Data
Selection and

Extraction

Process
. J

Phase 1: Research Questions

Derived from the systematic review
protocol adopted in this study, the first
phase focused on the formulation of
research questions (RQs) capable of
capturing the most analytically relevant
dimensions of artificial intelligence use
in managerial decision-making contexts.
Rather than prioritizing descriptive or
purely bibliometric indicators, the RQs
were designed to enable an in-depth
examination of how artificial intelligence
is conceptualized, governed, and
problematized within organizational
decision processes, with particular
attention to managerial purposes,
governance mechanisms,andriskdomains.
Thisorientation aligns with methodological
recommendations that emphasize the
role of research questions in structuring
interpretative synthesis within Systematic
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Literature Reviews in management
research.

Thedevelopment of the RQswasinformed
by aninitial scopingof theliterature, which
revealed a high degree of fragmentation
acrosstechnological,ethical,and strategic
perspectives on Al, as well as a lack of
integrative managerial frameworks.
Building on these observations, the
guestions were formulated to explicitly
address gapsrelated tothe functionalrole
of Al in managerial decision-making, the
organizational arrangements governing
its use, and the risks associated with
human-Alinteractionindecisionsystems.
This approach ensured that the RQs
were grounded in existing theoretical
debates while remaining oriented toward
unresolvedissuesinthefield.

In line with the objectives of the study, the
RQswerestructuredtocorresponddirectly
with the three core constructs guiding
the analysis: decision augmentation,
organizational Al governance, and
managerial risk and responsibility. The
possible answer categories associated with
each question were derived deductively
from the theoretical foundations of the
study and inductively refined during
the review process, allowing for both
conceptual coherence and empirical
sensitivity. This dual logic supports a
systematic classification of the literature
while preserving the flexibility required to
capture emerging patterns.

Ultimately,the formulation of theresearch
guestions (Table 1) reflects the study’s
overarching motivation to advance a
managerial understanding of artificial

intelligence beyond isolated technical or
ethical considerations by examining how
Al is actually embedded in organizational
decision-making practices. By anchoring
the SLR around these RQs, the review
provides a structured foundation for the
subsequent phases of article selection,
coding,and analysis and enables acoherent
synthesis of findings that directly inform
both theory development and managerial
practice.

These research questions defined the
analytical dimensions used to examine
the selected articles and structured
the subsequent stages of the review
process. In particular, the RQs guided
the identification of conceptual and
empirical intersections across studies,
allowing the review to capture how
artificial intelligence is simultaneously
framed in terms of managerial purpose,
organizational governance,and associated
risks. This approach facilitated the
detection of recurring patterns, tensions,
and gaps in the literature, especially at
the intersections between augmented
decision-making practices, governance
arrangements, and challenges related
to responsibility, transparency, and
managerial accountability. By explicitly
focusing on these cross-cutting elements,
theresearchquestions ensured coherence
betweenthetheoreticalframeworkandthe
empirical synthesis developed throughout
the study.

Phase 2: Search Process

The document search process was
conducted using Scopus and Web of
Science (WoS), selected due to their
extensive coverage of high-quality,
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Table 1. Research Questions

Question Possible responses
Decision augmentation

Decision automation

Strategic analysis and planning
Operational optimization
Governance, compliance, and risk
control

{Acosta-Enriquez et al., 2025)

e Structural governance (roles,
oversight bodies, responsibility
design)

e Procedural governance (lifecycle
controls, monitoring, evaluation
routines)

RQ2. What type of organizational Al e Relational governance {stakeholder
governance is reported or implied? coordination, culture, human
alignment)

e Audit-based governance (internal
algorithmic auditing end-to-end)

e Principles-only governance {high-level
ethics with limited operationalization)

{Larsson, 2020)

e Trust calibration via explanations and
confidence cues

e Cognitiveforcing /friction toreduce
overreliance

RQ3. How is human-Al decision reliance o Human-in-the-loop control (human

managed final authority)

(trust/overreliance/underreliance)? e Algorithmic-in-the-loop / automated
decisions with limited human review

o Noexplicit reliance management
reported

(Zhai et al., 2024)

e Decision quality improvement
{accuracy/consistency/robustness)

e Speed and scalability of analysis (time-
to-decision, throughput)

o Riskreduction and control
effectiveness (compliance,
monitoring)

o Workforce/HR productivity impacts
(algorithmic management effects)

e Conceptual or speculative value only
{no measurable outcomes})

(Migic¢ et al., 2025)

o Responsibility and auditability risk

o Governance implementation gaps
{from principles to practice)

e Trust/overreliancerisk in decision-
making

e Organizational and stakeholder risk
{context, effectiveness, legitimacy)

o Workplace control and socio-technical
risk {algorithmic management)

{European Union, 2024)

RQ1. What is the primary managerial
purpose of Al use described in the
study?

RQ4. What evidence is used to claim
organizational value from Al
(managerial outcomes)?

RQ5. What risk domain is foregrounded
(managerial risk framing)?
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peer-reviewed journals in the fields of
management, information systems, and
organizational studies. The use of these
databasesis consistent with best practices
for systematic literature reviews, as they
provide robust indexing standards and
facilitate the retrieval of relevant and
methodologically rigorous research.
Employing both databases also reduced
the risk of publication bias and enhanced
the comprehensiveness of the search.

The search strategy was designed to
identify studies addressing the use
of artificial intelligence in managerial
and organizational decision-making
contexts. To this end, combinations of
keywords related to artificial intelligence,

included to ensure the academic rigor and
comparability of the evidence analyzed.

Allsearcheswere conductedonJanuary 15,
2026, ensuringacleartemporal cutoff and
enhancing the replicability of the review
process. The search results obtained
from Scopus and WoS were exported and
consolidated for subsequent screeningand
selection procedures. Table 2 presents the
searchstrings appliedin Scopusand Web of
Scienceinordertoenhance methodological
transparency andfacilitate thereplicability
of the review process. Including these
strings makes explicit how the corpus
was operationally delimited and supports
the rigor of the subsequent inclusion and
exclusionstages.

Table 2. Search Strings

Search string in Scopus

Search string in WoS

TITLE-ABS-KEY("artificial intelligence" AND
("decision making" OR "decision support"})
AND TITLE-ABS-KEY("managerial" OR
"management"” OR "strategic") AND TITLE-
ABS-KEY(organization® OR business* OR
firm* OR enterprise*) AND PUBYEAR > 2020
AND LIMIT-TO(DOCTYPE,"ar"

TS=("artificial intelligence" AND ("decision
making" OR "decision support")) AND
TS=("managerial" OR "management" OR
"strategic") AND TS=(organization™ OR
business* OR firm* OR enterprise*) AND
PY=(2021-2026) AND DT=(Article)

managerial decision-making,organizational
governance,andriskor responsibility were
applied to titles, abstracts, and author
keywords. Thetemporal scope of thereview
was restricted to the period 2021-2025,
reflecting the rapid acceleration of Al
adoption in organizational settings and
the corresponding growth of scholarly
attention to its managerial implications.
Only peer-reviewed journal articles were

Phase 3:Inclusion and Exclusion Criteria

Given the objective of analyzing how the
recent literature addresses the use of
artificialintelligenceinmanagerial decision-
making contexts, it was essential to define
inclusionand exclusioncriteriathatensured
conceptual alignment, methodological
rigor, and relevance to organizational and
managerial research. Artificial intelligence
encompasses awide range of technologies
and applications; therefore, the review
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explicitly focused on studies that examine
Al as part of organizational decision
processesratherthanasapurelytechnical
artifact or isolated computational tool.
This refinement was necessary to avoid
conceptual dilutionand to ensure that the
selected corpusdirectly contributedtothe
study’s analytical framework.

Theinclusioncriteriarequiredthatarticles
explicitly address the use of artificial
intelligence in managerial, strategic, or
organizational decision-making contexts,
with clear relevance to at least one of the
three core constructs guiding the review:
decision augmentation, organizational
Al governance, or managerial risk and
responsibility. Toensure topical relevance,
selected studies were required to include
terms related to artificial intelligence
and decision-making, governance,
responsibility, risk, or management within
their titles, abstracts, or author keywords.
The temporal scope was limited to
publications between January 2021 and
December 2025, reflectingthe accelerated
adoption of Al in organizations and the
corresponding emergence of managerial
and governance-related debates in the
literature.

Only peer-reviewed journal articles were
included inthereviewtoensure academic
guality, methodological consistency, and
comparability of findings. This decision
aligns with established SLR practices in
management and information systems
research, which emphasize the use
of rigorously vetted sources when
synthesizing evidence.

The exclusion criteria were applied
to maintain analytical focus and
methodological rigor.Book chapters,books,
conference proceedings, editorials, and
review articles were excluded, as these
sources typically provide conceptual
overviews or secondary syntheses rather
than original empirical or theoretical
contributions. Articles published outside
the defined time window were also
excluded to avoid outdated perspectives
or speculative discussions not grounded
in the current state of organizational
Al adoption. Additionally, studies that
addressed artificialintelligence exclusively
fromatechnical,engineering,oralgorithmic
optimization perspective without explicit
consideration of managerial decision-
makingor organizationalimplicationswere
removed from the corpus. Together, these
criteriaensured that the final dataset was
both conceptually coherent and directly
aligned with theresearch objectives.

Phase 4: Data Selection and Extraction
Process

The initial search yielded 1256 articles
from Scopus and 15 articles from Web of
Science, resultinginatotal of 1271 records.
After removing 35 duplicate entries, the
remaining articles were subjected to a
systematic screening process based on
titles, abstracts, and keywords. This step
aimed to verify that artificial intelligence
was addressed as a central element of
managerial or organizational decision-
making,ratherthanasaperipheral or purely
technical topic.

During the screening phase, 427 articles
wereexcluded becausetheydid notfocuson
theuseof Alinmanagerial decision-making
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contexts or lacked substantive discussion
of governance, risk, or organizational
implications. Following this process, a
final sample of 809 articles was retained
for analysis. These articles formed the
empirical basis of the SystematicLiterature
Review.

For each selected study, structured data
extraction was conducted to capture
relevant bibliographic and analytical
information, including authorship,
publication year, journal, title, abstract,

DOl,and country of origin. Thisinformation
supported both descriptive analysis and
the subsequent thematic classification
aligned with the research questions. Fig. 2
presents the flow of the selection process
followingthe PRISMA framework,ensuring
transparency andreplicability of thereview
procedure (Pageetal.,2021).

A substantial number of articles were
excluded during this phase because their
orientation was not strictly aligned with
the managerial and organizational focus of

Figure 2. PRISMA Flow Diagram

Identification of new studies via databases and registers

Records identified from:
Databases (n = 2):
Scopus (n = 1,256)

Web of Science (n = 15)

Records removed before screening:

Duplicate records (n = 35)

Identification

Records screened
(n=1,2386)

Records excluded

{n = NA)

Screening

Reports sought for retrieval
(n=1,236)

Reports not retrieved

{n = NA)

Reports assessed for eligibility
(n=1,236)

Reports excluded:

Not focus on topic (n = 427)

Included

New studies included in review
(n =809)
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thestudy. Inparticular,studiesemphasizing
algorithmic performance, system
architecture, or technical experimentation
without explicit linkage to managerial
decision-making, governance, or
responsibility did not meet the quality and
relevancecriteria. Thisfilteringprocesswas
essentialtopreservetheanalyticalintegrity
of the review and to ensure consistency
withthe theoretical framework.

Phase 5: Data Synthesis

The data synthesis process was designed
tosystematically addressthefiveresearch
questions (RQ1-RQ5) guidingthereview. A
qgualitative content analysis approach was
employedtodrawstructured and objective
inferencesfromtheinformationreportedin
theselectedarticles, followingestablished
SLR methodologiesinsoftware engineering
and managementresearch.

The synthesis was conducted in two
complementary phases. First,amechanical
coding phase was used to classify each
articleinto predefined analytical categories
corresponding to the research questions,
such as primary managerial purpose of Al
use, type of organizational Al governance,
human-Aldecisionreliance management,
evidence of organizational value, and
prominent managerial risk domains.
Second,aninterpretive analysis phase was
undertaken to examine how effectively
the content of each article addressed the
researchquestionsandtoidentifyrecurring
patterns, tensions, and gaps across the
literature.

To support analytical clarity and
comparability, graphical representations
were developed to summarize the

distributionof categories acrossthecorpus,
facilitating cross-RQ analysis and visual
synthesis of results. In addition, article
objectives, keywords, and conceptual
framings were examined to identify
convergences and emerging themes
relevanttomanagerial practiceandtheory
development. This structured synthesis
provided the empirical foundation for
the results, discussion, and conclusions
presentedinthesubsequentsections.

4. Results

4.1 Primary Managerial Purpose of Al Use
Fig. 3 presents the distribution of the
primary managerial purposes associated
with the use of artificial intelligence in the
analyzed literature, synthesizing how the
reviewed studies conceptualize therole of
Al within organizational decision-making
processes. This visualization allows for
the identification of dominant patterns
regarding whether Al is used as a support
tool, a partial substitute, or a control
mechanism within business management,
providing a first empirical approximation
to the predominant functional approach
inrecentresearch (Akiba & Fraboni, 2023).

The analysis of the graph shows a clear
predominance of decision augmentation,
whichindicatesthat most studies conceive
Alasaninstrument of cognitive supportfor
managers rather than as an autonomous
substitute for humanjudgment. This trend
is consistent with studies that underscore
the value of Al inimproving informational
quality, reducing bias, and expanding
analytical capacity without completely
displacing managerial responsibility
(Abramski et al., 2023). Likewise, the
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Figure 3. Primary Managerial Purpose of Al Use

Strategic analysis and planning

Operational optimfati

Decision automation

mign augmentation

Governance, compliance, and risk control

relevant presence of categories linked
to strategic planning suggests that Al is
increasingly associated with medium- and
long-term decisions, and not only with
operational tasks.

In contrast, the categories related to
decisionautomationandregulatory control

have a lower relative representation,
which suggests a persistent caution in
the full delegation of critical decisions to
algorithmic systems (Wang, 2021). This
finding reinforces the idea that, from a
managerial perspective, the adoption of
Al continues to be predominantly hybrid,
keeping the human decision-maker as a

Figure 4. Type of Organizational Al Governance

Procedural goverpance

Principles-only governance
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central actor and opening the way to the
analysisof howthisinteractionis managed,
an issue that is further examined in the
following RQs.

4.2 Type of Organizational Al Governance
Fig.4 showsthedistribution of the types of
organizational Al governanceidentifiedin
theliterature, allowing for the observation
of how organizations structure, regulate,
and supervise the use of algorithmic
systemsin business contexts. Thisfigureis
key tounderstandingwhether governance
is conceived as a formal set of structures,
as operating procedures, or as general
principlesof action (Hendersonetal.,2019).

Theresultsreflect a strong concentration
on procedural governance models, which
indicates that most studies emphasize
internal policies, protocols of use, and
operational guidelines as the main control
mechanisms. This pattern is consistent
with studies that highlight the need to
integrate Alinto existingrisk management

and internal control systems, rather
than to create entirely new structures
(Himabindu et al., 2023). Structural
governance, although present, appears as
complementary and not as the dominant
axis.

On the other hand, approaches based
exclusively on ethical principles or
abstract normative statements show a
lower presence, suggesting a transition
from declarative frameworks to more
operational and auditable mechanisms
(Landers & Behrend, 2023). This finding
points to a maturation of the managerial
discourseonAl,inwhichgovernance ceases
to be merely aspirational and becomes a
functional component of management,
thereby connecting directly with the
implementationchallengesanalyzedinthe
following category.

4.3 Human-Al
Management
Fig.5presentshowtheliteratureaddresses

Decision Reliance

Figure 5. Human-Al Decision Reliance Management

Fig. 5 Human-Al Decisicn Reliance Management
Cognitive forcing / friction

Trust calibratjgh

Algorithmic-in-thsloop

Human-in-the-loop
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the management of reliance between
humans and Al systems in decision-
making, a central aspect to understand
the risks of overtrust, underutilization, or
inappropriatedelegationinorganizational
contexts (Golovianko et al., 2023). This
figure allows for the identification of
whether the studies explicitly consider
mechanismstocalibratetrustandtherole
of the human decision-maker.

The dominant pattern shows a high
presence of human-in-the-loop approaches,

However, it is notable that a significant
proportion of articles do not explicitly
describe clear mechanisms for managing
reliance, suggesting a gap between the
technical development of Al and its
deliberate integration into management
processes (Alharthi, 2025). This absence
reinforces the need for conceptual
frameworks that more systematically
articulate human-Al interaction, anissue
thatisdirectly connectedtotheevaluation
of organizational value presentedinFigure
6.

Figure 6. Evidence of Organizational Value

Fig. 6 Evidence of Organizational Value
sion quality improvement

Deci

WorkforcefHR productiyify i

Speed and scalakylity

al-of speculative value only

Risk reduction and control effectiveness

which confirmsthat most studiesadvocate
maintaining the human manager as an
active supervisor of the decision-making
process. This preference is aligned
with research that warns of the risks of
excessive automation and underscores
the need to preserve human agency to
ensure accountability and organizational
sense (Garcia-Lopezetal.,2025). Likewise,
attentiontothecalibrationoftrustemerges
asarecurring theme, especially in studies
that analyze the adoption of Al from the
perspective of organizational behavior.

4.4 Evidence of Organizational Value
Fig. 6 summarizes the types of
organizational value that the literature
attributes to the use of Al in managerial
decision-making, allowing a distinction to
be made between empirically measured
benefits and contributions of aconceptual
or speculative nature (Ahmadetal.,2023).
Thisvisualizationiscriticaltoassessingthe
extenttowhichthe promisesof Al translate
into concrete organizational outcomes.
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Theanalysisrevealsthatimproved decision
quality and operational efficiency are
the most frequently reported benefits,
which coincides with empirical studies
documentingincreasesindecision-making
accuracy, speed, and consistency (Brajovic
et al., 2023). These results reinforce
the narrative of Al as a tool to optimize
management processes in complex and
dynamicenvironments.

However, arelevant part of the literature
is limited to discussing the potential value
of Al without providing direct empirical
evidence, suggesting that the field is still
in a consolidation phase (Chan & Zhou,
2023).Thiscoexistence of measuredresults
and theoretical promises highlights the
importance of analyzing the associated
risks and limitations, an aspect that is
explicitly addressedin Figure 7.

4.5 Foregrounded Managerial Risk Domain
Figure 7 presents the most emphasized
managerial risk domains in the Al and
decision-making literature, providing

an integrated view of the concerns that
accompany their adoption in business
contexts (Liang et al., 2022). This figure
allows for the identification of whether the
risks are conceptualized mainlyintechnical,
organizational or liability terms.

The results show that risks related to
responsibility and auditability are at
the heart of the matter, reflecting a
widespread concernabout the traceability
of algorithmicdecisions and the allocation
of responsibilities (Pushkarnaetal.,2022).
Thisemphasisis consistent withwork that
pointsout thedifficulty of auditing complex
systems and the need to maintain clear
accountability mechanisms in automated
environments.

Likewise, the risks associated with
excessive trust and poor organizational
implementation appear recurrently,
underliningthat thechallenges of Al are not
only technological but deeply managerial
and socio-organizational (Méndez Carpio
etal.,2023). Overall, this figure reinforces

Figure 7. Foregrounded Managerial Risk Domain

Governance

implementation gaps
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Workplace

control an
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theideathatthe adoptionof Alinbusiness
administrationrequires not only technical
capabilities but also robust management
frameworks, anissue that willbetakenupin
anintegrative wayinthediscussionsection.

5.Discussion

5.1PrimaryManagerial Purpose of Al Use
The results associated with RQ1 confirm
that the use of artificial intelligence in the
management literature is predominantly
aligned with the construct of Augmented
Managerial decision-making, reinforcing
the idea that Al is mostly conceived
as a mechanism to support human
judgment (Akiba & Fraboni, 2023).
The high concentration of decision
augmentation studies coincides with
theoretical approaches that highlight the
complementarity between human and
algorithmic capabilities, particularly in
environments characterized by complexity
and uncertainty (Duanetal.,2023).

This finding contrasts with more techno-
deterministic discourses that promote
the full automation of decisions, which
are underrepresented in the corpus
analyzed (Golovianko et al., 2023). The
lower presence of decision automation
approaches suggests that, from a
managerial perspective, there is still
structural caution against the full
delegation of strategic decisions to
algorithmic systems (Ananny & Crawford,
2018).Thiscautionhasbeendocumentedin
studiesthat pointtorisks ofloss of control,
erosion of responsibility, and difficultiesin
justifyingautomated decisions to multiple
stakeholders.

Overall, the results of RQ1 empirically
support the first construct and show that
the current literature privileges hybrid
decision models (Brajovicetal.,2023). This
emphasislaysthefoundationforanalyzing
how organizations attempt to govern and
structure thisincreased use of Al, anissue
thatisdirectly addressed in RQ2.

5.2 Typeof Organizational Al Governance
The distribution observed in RQ2 shows a
clear convergence between the empirical
resultsandthe construct of Organizational
Governance of Al in Managerial Contexts,
particularlyinrelationtothe predominance
of procedural governance approaches
(Silva, 2022). The literature reviewed
emphasizes internal policies, protocols,
and operational mechanisms as the main
instrumentstoregulatethe use of Al,which
coincides with research that points to the
need to integrate algorithmic governance
into traditional systems of organizational
control (Hendersonetal.,2019).

This procedural emphasis contrasts with
approaches based exclusively on general
ethical principles, which appear with less
relative weight in the corpus (Black et al.,
2022). This result suggests an evolution
from abstract regulatory frameworks to
more pragmatic and applicable solutions
aimed at the effective implementation
of Al in real business contexts (Abunaser
et al., 2025; Ahmad et al., 2023). Recent
studies have pointed out that, without
clear procedures, ethical principles lack
operational capacity andfailtosubstantially
influence managerial decision-making
processes.
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Thus, the results of RQ2 reinforce the
second construct by showing that Al
governance is conceived primarily as an
organizational problem and not merely as
anormativeone(Landers &Behrend,2023).
This procedural approach creates the
conditions for analyzing how therisks and
responsibilities associated withhuman-Al
interactionare managed in practice,which
isexploredinthefollowing RQs.

5.3 Human-Al
Management
The findings of RQ3 show a strong
alignmentwiththe construct of managerial
riskand responsibilityinhuman-Al decision
systems, particularly with regard to the
maintenance of the humandecision-maker
as an active supervisor (Ahmed Ali Linkon
etal.,2024). The predominance of human-
in-the-loop approaches suggests that the
literature explicitly recognizes therisks of
over-reliance and advocates preserving
human agency in critical decision-making
processes (Méndez Carpioetal.,2023).

Decision Reliance

However, itissignificantthataconsiderable
proportion of articles do not explicitly
describe clear mechanisms for managing
human-Al decision reliance (Ben-Michael
et al.,, 2024). This absence highlights a
gap between the theoretical recognition
of risks and their operationalization in
concrete management practices. Previous
research has warned that the lack of clear
trust-calibrationstrategiescanlead toboth
overconfidence and underutilization of
algorithmic systems, negatively affecting
decision-makingquality (Duanetal.,2023).

In this sense, the results of RQ3 not only
confirmthe third construct but also reveal

anopportunity fortheoretical and practical
development. The explicit management of
human-Al reliance emerges as a critical
area that requires greater attention in
future research, especially in contexts
where Al is integrated into strategic
decisions with high organizational impact
(Changetal.,2023).

5.4 Evidence of Organizational Value
Theresults associated with RQ4 reinforce
the construct of augmented managerial
decision-making by showing that the
literature attributes the organizational
value of Al mainly to improvements in
decisionquality and operational efficiency
(Chan & Zhou, 2023). These findings
are consistent with empirical studies
documentingincreasesinaccuracy, speed,
and decision consistency when Al is used
as analytical support for managers (Wang,
2021).

However, the relevant presence of works
that discuss the value of Al conceptually
or speculatively suggests that the field
is still in a consolidation phase (Jiang et
al., 2024). This coexistence of empirical
evidence andtheoretical promise has been
pointed out by various authors as atypical
characteristic of emerging technologies,
where expectations tend to precede the
systematic measurement of results (Batool
etal.,2024).

Thus, RQ4 shows that, although the
managerial value of Al iswidely recognized,
the need for more robust studies that
directly link the use of Al to measurable
organizational outcomes persists (Ahmad
etal.,2023). Thisempirical gapis connected
to the risks and limitations discussed in
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RQS5, thereby closing the analytical cycle
of the study.

5.5Foregrounded Managerial Risk Domain
The results of RQ5 strongly confirm the
third construct,showingthat responsibility
and auditability risksare at the heartof the
management literatureon Al (Hendersonet
al.,2019).Concernsabout thetraceability of
algorithmicdecisionsandtheallocation of
responsibilities reflectagrowingawareness
that Al adoption redefines traditional
structures of control and responsibility
(Liangetal.,2022).

Likewise, the relevance of the risks
associated with excessive trust and
poor organizational implementation
underscores that the challenges of Al are
profoundly socio-organizational (Ahmad
et al., 2023; Diaz-Rodriguez et al., 2023).
Recent studies highlight that failures in
Al adoption are rarely due exclusively to
technical limitations, but rather to issues
of organizational alignment, culture, and
managerial capabilities (Abunaser et al.,
2025).

Takentogether, RQ5 closes the discussion
by showing that risk management is
not a peripheral aspect but a central
component of the managerial use of Al
(Alharthi, 2025). This result reinforces
the need for integrated approaches that
combine decision-making augmentation,
organizational governance,and managerial
responsibility, providing asolid basisforthe
study’s conclusions.

6.Conclusions

The objective of this study was to

systematically analyze how recent
literature addresses the use of artificial
intelligencein managerial decision-making,
integrating the constructs of augmented
managerial decision-making,organizational
Al governance and managerial risk and
responsibility. The results show that
contemporary research converges
on a hybrid conception of Al, in which
algorithmic systems are mainly understood
astoolstosupporthumanjudgmentandnot
asautonomous substitutesforthedecision-
maker. This finding confirms and reinforces
theoretical approaches that maintain that
the strategic value of Al emerges when it
isintegratedintoexistingdecision-making
processes, respecting the structures
of responsibility and control typical of
business administration.

Likewise, the analysis of the five research
questions shows that the organizational
governance of Al has progressively shifted
towards procedural and operational
approaches, oriented towards practical
implementationratherthantheformulation
of abstract principles. This trend suggests
a maturation of the field, in which
organizationsseek totranslate ethical and
strategicvaluesintoconcrete mechanisms
of supervision, control, and responsibility.
However, the results also reveal that such
governance is not always accompanied by
explicit strategies to manage human-Al
decisionreliance,whichgeneratestensions
between decision-making efficiency and
managerial responsibility.

Overall, this study makes a distinctive
contribution by offering an integrated
managerial reading of the literature
on artificial intelligence, overcoming
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fragmented approaches that analyze
technology, ethics, or strategy inisolation.
By articulating the three proposed
constructs with systematically classified
empirical evidence, the work provides an
analytical framework that allows for an
understanding not only how Al is used in
business decision-making but also under
what organizational conditions such use
generates value and what risks must be
managed. Thisintegration strengthensthe
relevance of the study for both academic
research and managerial practice.

However, the study has some limitations
that must be recognized. First,the analysis
reliesonsecondaryinformationextracted
from titles, abstracts, and keywords,
which can hide nuances present in the full
text of the articles. Second, although the
corpus analyzed is large and diverse, the
literaturereviewed presentsconsiderable
heterogeneity in terms of methodologies
and organizational contexts, which
makes direct comparisons of findings
difficult. Finally, the classification of
articles, although based on systematic
and replicable rules, necessarily implies
a degree of interpretation that could be
refined through morein-depth qualitative
analyses.

These limitations openseveral avenues for
future research. First, a greater number
of empirical studies are required that
explicitly link the use of Alwithmeasurable
organizational outcomes, particularly in
high-impact strategic decisions. Second,
future research could delve into the
specific mechanisms of managing human-
Alreliance,exploring how trust,oversight,
andresponsibility arecalibratedindifferent

sectoral contexts. Finally, it is pertinent
to move towards integrated models that
combine governance, organizational
design, and managerial capabilities, in
ordertodevelop more robust frameworks
for theresponsible and effective adoption
of artificial intelligence in business
administration.
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